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Abstract. A growing number of online retailers have started to mesh their pricing strategies
with consumers’ social networks. Specifically, they allow consumers to invite peers from social
media to request a discount for their purchases. Inspired by this phenomenon, we propose so-
cial pricing, a novel pricing framework underwhich consumerswith higher social capital enjoy
a better price. Conceptually, social pricing enables firms to achieve price discrimination based
on a consumer’s social value. This is in sharp contrast with traditional price discrimination
strategieswhere price differentiation typically hinges on consumers’ personal value (individu-
al willingness to pay). Although social pricing has been popular in practice, whether it works,
why it works, and how it works remain unclear because of a lack of rigorous academic re-
search. To address this gap, we design and conduct two randomized field experiments on a
leading online fresh food retailer to understand the value of social pricing. Social pricing has
been commonly credited for its effectiveness in new customer acquisition. Interestingly, our
study reveals that it is also highly effective on existing consumers. Our analysis shows that so-
cial pricing can increase an online retailer’s profit by 40% solely from existing consumers, com-
pared with regular firm-offered discounts. Exploration of the underlying mechanisms reveals
that perceived engagement and social cost are the main drivers here, which not only help to in-
crease purchasing frequency but also induce higher order value per purchase. In a follow-up
experiment, we vary the rules of social interactions by requiring heterogeneity in consumers’
purchasing frequencies. The results suggest that a heterogeneity-based strategy can further
amplify the benefits of social pricing. In summary, our study conceptualizes a novel pricing
scheme, social pricing, and provides valuable guidance to both researchers and practitioners
by offering actionable insights regarding the design of social pricing strategies.
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Your network is the people who want to help you,
and you want to help them, and that’s really power-
ful.—Reid Hoffman, cofounder and executive chair-
man of LinkedIn. (Carboni 2018, p. 112)

1. Introduction
In the past decade, social networking through social
media has become an essential and integral compo-
nent of daily life. Leading social networking platform
Facebook has 2.7 billion monthly active users; free in-
stant messaging app WhatsApp has a user base of two

billion, and multipurpose social network app WeChat
has reached 1.24 billion monthly active users in 2021
(Statista 2021). Social networking has fundamentally
changed the way people all over the world interact
and communicate. Because of this explosive growth
and huge influence, businesses have spent billions of
dollars on social networking platforms to market and
promote their products through digital advertise-
ments (Kumar et al. 2020, Mallipeddi et al. 2021b).

There is an emerging trend that online retailers
incorporate consumers’ social networks into their
pricing strategy. Specifically, online retailers allow
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consumers to leverage their social networks to get bet-
ter prices (larger discounts). For example, the leading
e-commerce platform Pinduoduo (NASDAQ: PDD) in
China provides discounts to consumers during the
checkout stage if they can invite friends from social
networking platforms to “bargain” for their purchase
(Graziani 2018). Note that the invitees only need to
click the bargain button (rather than purchasing the
product, as in group buying) to activate the discount
for the inviters. Businesses leverage consumers’ social
capital in their pricing strategy, and consumers can
get better prices if they have higher social capital. We
propose this novel pricing framework as social pricing.
Despite the popularity of social pricing in practice, ac-
ademic research into this novel pricing framework is
in a nascent stage, and the effectiveness and mecha-
nisms of social pricing strategies have not been
analyzed empirically. In this research, we strive to ad-
dress this critical issue.

1.1. Motivation
Social pricing is a novel and emerging pricing frame-
work. In a popular implementation of social pricing,
consumers can ask their friends to request discounts for
their purchase. Specifically, when focal consumers place
an order, they have the option to invite friends from so-
cial media (“social bargainers” in the remainder of the
paper) to bargain for their purchase. For each social bar-
gainer who agrees to help, the focal consumer can get a
certain percentage fixed discount toward his or her pur-
chase (“social discounts” in the remainder of the paper).
Note that the entire process must be completed within
a prespecified time frame. Because of the time-sensitive
nature of social pricing, it is generally implemented
through mobile apps, although the focal consumers can
send links through desktops or tablets as well.

The emergence and prevalence of social pricing is
largely a result of rapid development of social media
and mobile technology. From a conceptual perspec-
tive, social pricing enables firms to achieve price
discrimination based on consumers’ social value: Con-
sumers who have higher social value get better prices.
This pricing framework is in sharp contrast to tradi-
tional price discrimination, in which the price differ-
entiation relies on consumers’ individualwillingness to
pay. To the best of our knowledge, this is the first
study to investigate the integration of consumers’
social value into firms’ pricing strategies.

Social pricing has been adopted across many differ-
ent industries with a large mobile presence. In the
e-commerce domain, the online marketplaces Bang-
good, Lazada, and Club Factory1 have all introduced a
social pricing option called “slash the price” on their
websites, which allows consumers to get a better deal
by inviting more friends from social networking

platforms to help. Online travel agency Trip.com pro-
vides a coupon to focal consumers if they can invite
five friends to help within 48 hours. Similarly, Airbnb
China gives users a 10% off coupon if they can invite
a sufficient number of friends to support.2 In the on-
line gaming space, the popular game PlayerUnknown’s
Battlegrounds (PUBG) encourages players to send re-
quests to their friends to bargain for their game equip-
ment purchases. The more friends a player can invite,
the lower the prices will become (Raj 2018).

Marketers’ insight has attributed the popularity of
social pricing to its effectiveness in acquiring new cus-
tomers (Kumar and Qiu 2021, Lee 2018). Clearly, social
pricing can help to attract new customers who had not
previously been aware of the business, as some of the
social bargainers may register and become customers
themselves. It is straightforward to see the benefits of
social pricing in terms of new customer acquisition, but
it is not obvious whether social pricing has an impact
on existing customers. Whether it works, why it works,
and how it works remain unclear because of the lack of
rigorous academic research. The answers to these ques-
tions are not only academically stimulating but also
practically relevant to businesses.

However, the above questions cannot be answered
by analyzing a collection of secondary data because it
is impossible to isolate the benefits of retaining exist-
ing customers from those of acquiring new customers.
To address this issue, we design and conduct two ran-
domized field experiments on social pricing, in the
context of an online retailer of fresh food, to focus on
the firm’s benefits from social pricing on existing cus-
tomers. Our experimental design allows us to cleanly
identify the effectiveness of social pricing in promot-
ing purchases by existing customers. Further, our
research also provides practical guidance on how to
better design social pricing strategies.

1.2. Research Questions
The key focus of our study is to understand the new
phenomenon of social pricing. Against the backdrop
of prevalence in practice, it is imperative for academic
researchers to provide causal evidence for the effec-
tiveness of social pricing. However, the relevant re-
search is scant. To address this crucial research gap,
we leverage randomized field experiments on a lead-
ing fresh food online retailer to estimate the true eco-
nomic value of social pricing. Next, we highlight the
key questions addressed in this study.

First, because social pricing combines utilizing so-
cial interactions (more active consumers) and provid-
ing discounts (lower margins), it is natural for the
online retailer to ask the following: Does social pricing
increase a retailer’s profit? More importantly, can social
pricing generate more profit than conventional retailer-
initiated discounts? It may seem intuitive that price

Gao et al.: Randomized Field Experiments on Social Pricing
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discounts obtained from social pricing will increase
sales; however, it is not clear whether the loss in mar-
gin due to a discount can be recouped by the addition-
al sales promoted by the discount. Thus, we first com-
pare social pricing strategy with regular full pricing.
Additionally, retailer-initiated price discount has been
a popular pricing strategy because it is a commonly
used instrument for the retailer to adjust prices. To de-
termine whether incorporating the social aspect makes
social pricing more effective, we further compare so-
cial pricing with a retailer-initiated discount strategy.

Bearing those two questions in mind, we construct
two control conditions in Experiment 1. In the first con-
trol condition, consumers are charged with regular pri-
ces. In the second control condition, consumers are di-
rectly offered firm discounts that are comparable to the
average social discounts in the treatment group. Our re-
sults show consistent evidence that social pricing is
more effective than both nondiscount regular pricing
and retailer-initiated fixed discount (in terms of both
sales and profits), which provides solid evidence to con-
vince managers of the benefits of social pricing.

Second, an exploration of the underlying mecha-
nisms is crucial because it can guide firms on how to
stimulate the right social dimensions. This leads to the
following research question: What are the major mecha-
nisms for consumers engaged in social pricing to increase
purchases? Without a rigorously designed experiment,
it is very difficult to identify the major mechanisms
among competing ones: Consumers who are exposed
to social pricing may increase purchases for many rea-
sons, including conformality, novelty, and gift effect.
Experiment 1 reveals that perceived engagement and
social cost are the main drivers here. Specifically, per-
ceived engagement explains why social pricing can
increase purchasing frequency, whereas social cost
explains why social pricing can lift order value. The
managerial implication to retailers is pivotal. In order
to successfully launch a social pricing campaign, re-
tailers need to target consumers who have high levels
of engagement and social cost.

Third, we also attempt to help retailers understand
how to enhance the effectiveness of social pricing by
asking the following question: Can social pricing in-
crease a retailer’s profit even further by varying the rules of
consumer social interactions? Experiment 1 captures ho-
mogeneity in purchasing frequency (Zhang et al.
2018): consumers with similar purchasing frequency
cluster and request discounts for each other. To the
best of our knowledge, there are no extant studies
about heterogeneity-based marketing efforts. Hence,
in Experiment 2, we vary the structure of consumer
social interactions in social pricing. Specifically, we
test the effectiveness of the heterogeneity rule of social
pricing in the setting of repeat purchases: We require
consumers to select social bargainers with higher

purchasing frequency (one standard deviation above).
Interestingly, we find that social pricing based on the
heterogeneity rule is more effective in stimulating
both purchasing frequency and order value per
purchase. This finding is not only an important sup-
plement to the academic literature but is also highly
relevant to retailers who strive to design more com-
pelling social pricing campaigns. Retailers can refine
the social pricing design and better promote repeat
purchases by enhancing social interactions between
consumers who are heterogeneous in status.

To the best of our knowledge, this study is the first
attempt to explore pricing strategies based on con-
sumers’ social value. Relevant research is scant, prob-
ably because estimating the causal effects of social
pricing poses several identification challenges, such as
endogeneity, sample selection, reverse causality, and
correlated unobservables (Hartmann et al. 2008, Qiu
and Kumar 2017). To address this crucial research gap,
our study first conceptualizes social pricing as a new
pricing framework, then circumvents many empirical
challenges through well-designed randomized field ex-
periments and further provides managerial insights to
practitioners by offering actionable strategies regarding
the design of social pricing. Our research also contrib-
utes to the emerging applications of social commerce by
documenting how to design consumer social interac-
tions toward improved e-commerce performance.

2. Theoretical Background and
Research Framework

Our study has points of contact with the literature on
(i) price discrimination on consumer value, (ii) social
network marketing and pricing, and (iii) mechanism
design in social commerce; but it also deviates from the
existing literature in some essential aspects. Extant re-
search not only helps the positioning of this study but
also motivates the corresponding research questions
discussed earlier. The answers to these questions make
important contributions to the relevant literature.

2.1. Price Discrimination on Consumer Value
Our research is built on the broad literature of price
discrimination. Traditionally, price differentiation is
based on consumers’ personal value, that is, consum-
ers with higher personal value to sellers are offered
better prices (e.g., Zhao et al. 2015, Wang et al. 2016).
Notable examples include personalized promotions
(Shaffer and Zhang 2002), one-to-one marketing (Pan-
cras and Sudhir 2007), targeted pricing (Besanko et al.
2003), contingent pricing (Biyalogorsky and Gerstner
2004), and advance purchase (Dana 1998). Joo et al.
(2011) suggest that consumers’ willingness to pay is
an important part of personal value to the firm and
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that consumers’ value should also incorporate social
network properties.

Our paper documents a new area of study: price
discrimination based on consumers’ social value. By
incorporating social value into pricing decisions, re-
tailers have the opportunity to profit from another
segment of consumers who have low personal will-
ingness to pay but high social value. Consumers who
pursue social pricing reveal their low personal will-
ingness to pay by requesting a discount, which will be
approved only if they can show rich social resources,
that is, existing or prospective consumers of the firm.

2.2. Social Network Marketing and Pricing
Social pricing is related to marketing and pricing strat-
egies that involve consumer social interactions, such
as social coupons, sharable coupons, and group buy-
ing. It also deviates from existing literature signifi-
cantly. Social coupons, also known as daily deals or
social deals, use price discounts to increase awareness
or encourage observational learning among general
online population (Kumar and Rajan 2012, Luo et al.
2014, Subramanian and Rao 2016) without social pric-
ing’s design to target buyers. Shareable coupons can
target at consumers who are willing to share coupons
voluntarily within their social networks (Iyengar and
Park 2016), but the discount cannot be accumulated
by sharing with more peers as in social pricing. In
group buying, better informed consumers voluntarily
act as sales agents to persuade less informed consum-
ers to make the same purchase (Jing and Xie 2011);
but both better informed consumers and less informed
consumers need to make the same purchase at the
same price without any differentiation.

In contrast to the abovementioned pricing strategies,
social pricing framework is unique in the following
ways: (1) Firms can control the rules of social pricing
in order to target different buyers and bargainers. (2)
Different buyers receive different prices based on the
number of bargainers they can invite, that is, social
pricing utilizes a buyer’s social network value in com-
parison with the personal value used by traditional
price discrimination strategies. (3) Bargainers do not
need to make a purchase in order to generate a dis-
count for the buyers, which also deviates from the oth-
er pricing strategies in the extant literature. In this re-
search, we will investigate the underlying mechanisms
to explain the uniqueness of social pricing.

2.3. Mechanism Design in Social Commerce
Our research contributes to the emerging literature
on mechanism design in social commerce. Shen and
Eder (2011, p. 19) propose that social commerce offers
“Technology-enabled shopping experiences where on-
line consumer interactions provide the main mecha-
nism for conducting social shopping activities.” Thus,

social commerce can be regarded as a combination of
shopping and social networking activities in online set-
tings (Wang and Zhang 2012). In social commerce, an im-
portant task is to design mechanisms of consumer social
interactions toward a desired business goal (Busalim and
Hussin 2016). However, relevant research is scant.

One relevant stream explores how social networks
interact with consumer behaviors in determining firm
performance. For example, Huang et al. (2017) and
Kumar et al. (2018a, 2018b, 2019) investigate the inter-
action between social network sites and user-generated
content for online reviews. Qiu et al. (2018) examine
the interaction between social factors and observational
learning. However, these studies focus on the
behaviors on the consumers’ side, not the strategic vari-
ables that can be initiated and manipulated by firms.

In our research, the retailer creates social interac-
tions by determining rules of social pricing in retailer-
specified consumer communities. The retailer can
initiate and manipulate social interactions while reap-
ing the benefits of social interactions. In Experiment 1,
the retailer-made rule of social pricing guides social
interactions toward homogeneity in purchasing fre-
quency (i.e., consumers with similar purchasing fre-
quency request discounts for each other). Inspired by
this insight, we explore how retailers can design better
rules of social interactions to further increase profit.
We explore whether the heterogeneity rule, under cer-
tain conditions, can lead to even greater profits. Corre-
spondingly, in Experiment 2, we require that focal
consumers and social bargainers should differ in pur-
chasing frequency. We capture convincing evidence
advocating heterogeneity-based social pricing.

3. Research Context
In this study, we have collaborated closely with a
large online grocery retailer in Asia.3 This online re-
tailer sells high-quality fresh food primarily in three
categories: vegetables, fruits, and meats. It attracted
over 600,000 monthly active users during the data col-
lection period (September 2018–August 2019). This
online retailer has a user interface with WeChat, the
most popular social networking app in Asia with over
one billion monthly active users. As a result, we have
access to complete records of consumer social interac-
tions related to social pricing. Our corporate partner is
keen on estimating the unbiased effects of social pric-
ing relative to conventional nonsocial pricing strate-
gies. We conducted two field experiments to study the
value of social pricing. To ensure that there were no
contamination effects, the platform deliberately re-
frained from sending other marketing promotions
during the experiment periods. To help readers to get
familiar with our research setting, we provide several
screenshots in Online Appendix A.

Gao et al.: Randomized Field Experiments on Social Pricing
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Fresh food is an ideal product category to estimate
the effectiveness of social pricing for several reasons.
First, consumers have high purchasing frequency,
which ensures that consumers are aware of the bene-
fits and costs of social pricing quickly. Accordingly, a
short experiment period (i.e., one month) is sufficient
to observe the effects of social pricing. A short experi-
ment window also helps to reduce the possibility of
other confounding effects. To ensure the robustness of
our findings, we also extend the experiment period to
three months and find similar results. Second, con-
sumers of fresh food pursue both quality and prices.
Consumers who seek social pricing in this category
are not limited to price-sensitive people (Gao et al.
2020). Third, consumers of fresh food are very diverse
in terms of demographic characteristics (e.g., gender,
age, education, occupation, and income). All these
merits ensure that our research setting contributes to
both validity and generalization of the potential find-
ings of social pricing.

3.1. Social Bargaining
Our empirical study chooses social bargaining as the
specific implementation under the “higher social
capital � better price” social pricing framework. In
social bargaining, the idea of “social capital” is real-
ized through the number of friends who are willing
to click a “help bargain” link sent by the focal buy-
er. Tokman et al. (2007, p. 39) define social capital as
“an advantage that is built in social relationships,
which over time accumulates in the form of a series
of relationship-specific obligations and reciprocity
expectations.” Adler and Kwon (2002, p. 25) claim
that “Social capital is sometimes motivated by nor-
mative commitments of a less directly instrumental

nature, such as norms of generalized reciprocity.”
Nahapiet and Ghoshal (1998) conclude that social
capital encourages cooperative behavior. Thus, so-
cial capital may contribute to the reciprocity rela-
tionship in social bargaining that involves a focal
buyer and the social bargainer. Social bargaining
was first adopted by Pinduoduo, a leading Chinese
e-commerce platform. This online retailer has expe-
rienced a rapid growth largely due to its success in
commercializing consumer social interactions. In-
spired by its success, different forms of social pric-
ing have been adopted by leading platforms across
many categories.

The details of social bargaining in our research set-
ting can be described as follows. As illustrated in Fig-
ure 1(a), when a buyer places an order, he or she has
the option to activate social bargaining by clicking a
button labeled “invite friends to bargain” and the buyer
is automatically led to the interface of WeChat to select
and notify friend(s) to bargain for his or her purchase.
A potential bargainer, upon receival of the bargaining
invitation, is notified about the focal buyer’s purchase
in the invitation link. The bargainer who agrees to
help will click the “bargain for my friend” link in the
WeChat message. Each bargainer can contribute a so-
cial discount (e.g., 3% off the original price) toward a
larger accumulated discount for the buyer. Each social
bargaining order must be completed within one hour
or the link expires. Figure 1(b) shows the price after
subtracting the social discount (3% of the regular
price). Bargainers can observe the total bill as well as
what the focal users buy (including each item and the
price) in the invitation page. Purchasers can also ob-
serve the identity of each bargainer and their bargain-
ing discounts.

Figure 1. (Color online) Screenshots (with Translation) of Shopping Cart When Social Bargaining is Available

Gao et al.: Randomized Field Experiments on Social Pricing
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3.2. Experimental Setting
We conduct two randomized field experiments to
estimate the causal effects of social bargaining. In
Experiment 1, we allow consumers to ask anyone in the
treatment group to bargain for their purchase and find
that consumers engaged in social bargaining for each
other show homogeneity in their purchasing frequen-
cies. In Experiment 2, we allow only heterogeneity-
based social interactions. Although other settings remain
identical, focal buyers can invite only bargainers with
higher purchasing frequency by at least one standard
deviation (SD) (Park and John 2010, Tucker and
Zhang 2011). In both experiments, as illustrated in
Figure 2, there are three experimental conditions: one
treatment condition and two control conditions. All
experimental conditions last for one month. The func-
tionality of social bargaining only exists in the treat-
ment condition and not in the control conditions.
Accordingly, the activities of inviting social bargain-
ing (by focal buyers) or accepting invitations of social
bargaining (by bargainers) are only allowed in the
treatment condition.

Two control conditions correspond most naturally
to the treatment condition. In the first control condi-
tion, users are charged with regular prices without the
option of social bargaining. In the second control con-
dition, we set up five groups with different fixed dis-
counts (i.e., 5%, 10%, 15%, 20%, and 25%) because we
could not know the average depth of social discounts
in the treatment group before the experiment. By com-
paring with different levels of fixed discounts, we aim
to exclude the competing explanation that the

potential effects of social bargaining are caused by
price discounts instead of social influence.4

Then, the retailer randomly assigns 200 existing
consumers into each of the seven experimental groups
(i.e., one treatment group, one no-discount group, and
five fixed-discount groups).5 In our randomization
process, we do not allow consumers to choose wheth-
er being “treated” or not to avoid self-selection bias.
The only difference between the treatment and control
groups is the availability of the social bargaining
function. We conduct randomization checks of partici-
pants’ characteristics including demographics and
historical purchasing behaviors to ensure that partici-
pants are similar across critical observables, as shown
in Online Appendix B. The randomized experiment
ensures that the differences between the treatment and
control conditions in the retailer’s performance (sales
and profits) as well as the consumers’ purchasing
behaviors (purchasing frequency and order value per
purchase) are the causal effects of social bargaining.

To ensure homogeneity in social value between the
treatment and control groups before the experiment,
we adopt firm-sponsored consumer communities
rather than independently formed social networks;
that is, the firm specifies existing consumers for each
experimental community (Porter and Donthu 2008).
This design ensures that we are able to quantify the
value of social pricing from existing customers by re-
moving the effect of new customer acquisition. In our
experimental settings, the retailer randomly assigned
members to the treatment and control conditions.
Thus, we can ensure minimum existing social

Figure 2. Experimental Design of the Current Study

Control 2
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Consumers 
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into shopping cart
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the payment
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relationships within the communities before the experi-
ment, and the random assignment of consumers ensures
that the established social relationships are homogenous
between treatment and control conditions.

When 200 consumers are randomly assigned to
form the treatment community, they need to become
WeChat friends before they can send or accept bar-
gaining invitations. The retailer also sets up algo-
rithms to ensure that only the 200 consumers within
the community can generate valid social discounts for
each other. A focal buyer can choose how many
friends to add within that community, not necessarily
all 199 other consumers. When requesting social dis-
counts, they can only invite bargainers within the
community rather than bring their existing social net-
works into the community. To avoid excessive
bargaining requests or harassment, (1) the maximum
total discount is set to 30% per order and (2) the social
bargaining link will expire within one hour. Each ran-
domly selected consumer in one group is not included
in another group in order to avoid contamination, as
the same subject would not be exposed to more than
one intervention. In this way, we build closed-loop so-
cial interactions within the community and eliminate
potential unobserved heterogeneity in participants’
social value between different experimental condi-
tions. In the randomization check in Online Appendix
B, we show that different experimental groups are
comparable in social activity level, a self-reported
measure, as the proxy of consumers’ social value.

Although prior studies (e.g., Centola 2010, 2011)
manipulate consumers’ own social networks to exam-
ine the effect of network structure on adoption, this
design is neither relevant nor feasible in our study.
We do not allow users to ask friends from their own
social networks because of the internal validity re-
quirement of our experiments. Including personal net-
works will introduce uncontrollable self-selection bias
and endogeneity issues, making the experiment
groups not comparable. First and foremost, allowing
consumers to use their own social networks will inevi-
tably introduce new customers. This contaminates the
value of social pricing on existing consumers, which is
the key focus of our study. Second, social influence of
each participant in his or her own social network is
unobserved before the experiment. In particular, dif-
fusion of peer influence within a social network is de-
termined by several structure-related characteristics
of the social network including centrality and be-
tweenness (Katona et al. 2011), clustering versus sepa-
ration (Centola 2010), and opinion leadership (Iyengar
et al. 2011a, Mallipeddi et al. 2021a), which can hardly
be observed prior to the experiment. Third, a consum-
er’s social network is not fixed, as new friends may
join and existing friends may leave, making it hard to
predict whether a social network will expand or

shrink during the experiment. Next, to rigorously con-
trol the social capital of participants, we need to con-
sider social networks in a hierarchy (i.e., not only
friends of a consumer but also friends of friends),
which essentially increases the chance of overlapping
between the treatment and control groups and may
potentially bias the results. In sum, by using firm-
specified consumer communities, we can focus on the
key research issues and circumvent many identifica-
tion problems by manipulating consumer social
networks directly, while still maintaining external
validity of our field experiments.

4. Experiment 1
We conduct a randomized field experiment designed
specifically to estimate the causal effects of social
bargaining. Our experiment manipulates the use (the
treatment condition) or nonuse (the control condi-
tions) of social bargaining. Then, we compare perfor-
mance of the retailer and purchasing behaviors of
consumers between the treatment and control condi-
tions to quantify the causal effects of social bargaining.

Before introducing the details of experimental
design, we will first explain why we choose the two
moderators in the experiment that influence purchas-
ing behaviors (purchasing frequency and order value
per purchase). First, we argue that for social bar-
gainers, the activity of bargaining for others greatly
enhances the sense of engagement in the purchases
made by focal buyers, which increases their own pur-
chase intention. Manchanda et al. (2015) propose the
social dollar effect of joining a consumer community,
that is, “customers who join the community become
more engaged with the firm and/or its products, and
as a result, increase their economic activity with the
firm.” Specifically, Manchanda et al. (2015) argue that
the simple contagion by merely observing others’ pur-
chases in a consumer community can increase the
frequency of their own purchases. In our empirical
setting, the interactions of social bargainers with focal
buyers are beyond simple contagion. A social bargain-
er is fully engaged in the purchase of the focal buyer
by voluntarily requesting a social discount toward
that purchase. We expect that the social dollar effect
becomes stronger if the level of social contagion in-
creases from simple observation to full engagement.
Overall, the positive effect of social bargaining on pur-
chasing frequency can be explained by the social dol-
lar theory. Thus, we use perceived engagement as one
moderator in the experimental design.

Second, we argue that consumers in the social bar-
gaining community increase order value for the sake
of social cost. According to Ashworth et al. (2005), a
deliberate and socially observable attempt to save
money will generate the social stigma of being
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perceived as cheap or stingy, which is a social cost to
the affected consumers. In our research setting, con-
sumers who publicly activate social bargaining to
save money bring social cost to themselves. Moreover,
social stigma of the primary recipient can spill over to
other people including strangers by association, and
social stigma by association is higher if the relation-
ship between the primary recipient and the related
others is stronger (Argo and Main 2008). In our con-
text, bargainers are subject to strong social stigma by
association because they actively request social dis-
counts for focal consumers (although not for their
own use). To reduce social cost brought by social stig-
ma, consumers who initiate social bargaining can in-
crease order value, which results in higher savings (in
absolute amount) from a social discount of fixed depth.
As suggested by Ashworth et al. (2005), a strong eco-
nomic incentive can justify a focal consumer’s pursuit
of savings and consequently reduce social cost. The
savings from increased order value can also justify the
effort of social bargainers, thus reducing their social
stigma by association. Interestingly, initiating social in-
teractions (by requesting social bargaining in our
study) leverages the focal consumers’ susceptibility to
peer influence, which causes self-enhancement of their
own purchases. This susceptibility due to social cost in-
dicates consumers’ considerations of social norms
(Iyengar et al. 2011b). In sum, the social stigma theory
can explain why social bargaining stimulates order val-
ue. Thus, we use social cost as another moderator in
the experimental design.

4.1. Experimental Design
Consumers are randomly assigned to treatment or con-
trol conditions. Random assignment ensures that the
treatment and control groups differ only in the adop-
tion of social bargaining. By comparing the retailer’s
performance and consumers’ purchasing behaviors be-
tween different experimental conditions, we capture
causal estimates of the effects of social bargaining.

In the treatment condition, consumers are offered
the option of social bargaining. When placing an or-
der, consumers can activate the social bargaining op-
tion by inviting peers from the same community (i.e.,
social bargainers) to request a price discount (i.e., a

social discount) for their purchase. Each social dis-
count is a percentage of reduction off the regular
price. The social discount ranges from 1%–5% (per
bargainer) and is randomly determined by the experi-
ment. The maximum discount that a consumer can
get through social bargaining is capped at 30% per or-
der. Our experiment enables participants know each
other’s purchasing behaviors before and during the
experiment. The platform reports each consumer’s
previous purchasing behaviors (including purchasing
frequency and average order value per purchase) and
makes them easily accessible, so that all consumers are
able to observe the purchasing behaviors of others.

4.2. Main Results
We observe that 96% of consumers in the treatment
group activate social bargaining every time, indicating
social pricing is appealing to a comprehensive sample
of consumers. Table 1 reports summary statistics and
correlation coefficients of purchasing behaviors in the
treatment group. An average consumer in the treatment
group has 4.23 social bargainers for each purchase, en-
joying a social discount of 12.58%. The consumer pur-
chases at a frequency of 0.45 times per day on average,
each time ordering 56.83 renminbi (RMB) worth of fresh
food on average. In particular, the average depth of so-
cial discounts is closely related to the number of social
bargainers. This result supports the defining characteris-
tic of social pricing: Consumerswith a higher social capi-
tal are charged a better price. Thus, social bargaining
achieves the goal of price discrimination based on con-
sumers’ social value.

Further, we explore the determinant of consumers’
activation of social bargaining. We propose price sen-
sitivity as the critical factor that determines whether a
consumer activates social bargaining or not. We use
income as the proxy of price sensitivity. High-income
consumers tend to be less price sensitive. We use resi-
dence address (delivery address of fresh food) to iden-
tify this proxy of consumer income. For example,
living in a high-end apartment implies a resident’s
high income, regardless of whether the resident owns
or rents the apartment. The observational data show
that residence price is significantly higher for the
remaining 4% of consumers (87,500 versus 59,800

Table 1. Purchasing Behaviors in the Treatment Group (Experiment 1)

Summary statistics Correlations

Mean Standard deviation 1 2 3 4

1. Average social discount (%) 12.58 9.19 1.00
2. Number of social bargainers 4.23 6.38 0.95** 1.00
3. Purchasing frequency 0.45 0.27 0.83** 0.79** 1.00
4. Order value 56.83 36.15 0.48** 0.39** 0.17 1.00

**p < 0.05; *p < 0.10.

Gao et al.: Randomized Field Experiments on Social Pricing
942 Information Systems Research, 2022, vol. 33, no. 3, pp. 935–953, © 2022 INFORMS

D
ow

nl
oa

de
d 

fr
om

 in
fo

rm
s.

or
g 

by
 [

73
.2

06
.1

93
.4

8]
 o

n 
23

 J
an

ua
ry

 2
02

3,
 a

t 1
2:

02
 . 

Fo
r 

pe
rs

on
al

 u
se

 o
nl

y,
 a

ll 
ri

gh
ts

 r
es

er
ve

d.
 



RMB/square meter; p < 0.05). Thus, consumers who
have low price sensitivity may not be attracted by social
bargaining. It is worthwhile to note that our randomiza-
tion check indicates that different experimental condi-
tions are comparable in this proxy of price sensitivity.

4.2.1. Comparison with Nonsocial Pricing. To fully
evaluate social pricing, we compare retailer perfor-
mance and consumer purchasing behaviors between
social pricing and conventional nonsocial pricing
strategies. The retailer performance data includes
sales and profit, which are aggregated over the experi-
mental groups, not at the level of individual consum-
ers.6 Therefore, we report percentage change of sales
and profit at the group level. For purchasing behav-
iors, the unit of analyses is at the individual consumer
level over the month of the experiment. These cross-
sectional data aggregate all purchases of each con-
sumer within one month. Table 2 reports before- and
after-treatment differences in retailer performance
and purchasing behaviors between the treatment and
control groups.7 Because there are no significant
differences before the treatment, we report after-
treatment differences as the treatment effects.

Impressively, compared with regular pricing, social
bargaining can lift sales by 82.12% and at the same
time improve profits by 28.73%. This positive effect on
profit is particularly encouraging, indicating that the
retailer’s gain from social bargaining (by stimulating
more purchases) is sufficient to recoup the loss in mar-
gin (due to social discounts). These results suggest
that in the era of social networking, retailers should
take consumer social interactions into consideration
when designing their pricing strategy.

Following Manchanda et al. (2015) who focus on
purchasing frequency and order value per purchase
when examining the influence of social interactions
within consumer communities, our results show that
social bargaining can stimulate the same two pur-
chasing behaviors. Compared with regular pricing,
social pricing increases purchasing frequency by
50.0% and order value by 21.4%. These results add
significantly to extant findings that social interac-
tions among consumer communities increase order
frequency (Manchanda et al. 2015) but cannot
increase order value (Schau et al. 2009, Manchanda
et al. 2015).

Next, we compare social bargaining with firm-
initiated discounts. Because the average depth of social
discounts is 12.58%, our comparison focuses on the
two control groups of 10% and 15%.8 Consistently, so-
cial bargaining shows better effectiveness in improv-
ing the retailer’s performance. Compared with firm
discounts at 10% ((respectively) resp. 15%), social bar-
gaining lifts sales by 47.71% (resp. 36.60%) and
enhances profits by 40.26% (resp. 42.67%). Consistent-
ly, social bargaining can better stimulate purchases. It
increases purchasing frequency by 0.098 (resp. 0.083)
per day, and order value by 7.38 (resp. 6.04) RMB, rela-
tive to firm discounts at 10% (resp. 15%). The positive
effects on purchasing behaviors are impressive consid-
ering the fact that social discounts incur additional
costs from the following two factors. First, to obtain so-
cial discounts, consumers and social bargainers must
spend time and effort in the process of social bargain-
ing. Second, seeking discounts from the social channel
incurs social costs (to consumers and social bargainers
by association). For example, Ashworth et al. (2005)

Table 2. Effects of Social Pricing (Experiment 1)

The retailer’s performance

Sales Social pricing– regular pricing Social pricing– retailer discount (10%) Social pricing– retailer discount (15%)

Before treatment 2.07% 6.65% −4.78%
After treatment 82.12% 47.71% 36.60%

Profit Social pricing–regular pricing Social pricing–retailer discount (10%) Social pricing–retailer discount (15%)

Before treatment 0.69% 3.39% −2.67%
After treatment 28.73% 40.26% 42.67%

Purchasing behaviors

Purchasing frequency Social pricing– regular pricing Social pricing–retailer discount (10%) Social pricing–retailer discount (15%)

Before treatment 0.010 (0.007) 0.006 (0.005) −0.005 (0.005)
After treatment 0.150** (0.014) 0.098** (0.010) 0.083** (0.009)
DID (after–before) 0.140** (0.017) 0.092** (0.012) 0.088** (0.011)

Order value Social pricing– regular pricing Social pricing–retailer discount (10%) Social pricing–retailer discount (15%)

Before treatment −1.230 (1.362) 1.170 (1.085) −0.660 (0.825)
After treatment 10.029** (1.561) 7.383** (1.021) 6.037** (1.072)
DID (after–before) 11.259** (1.874) 6.213** (1.257) 6.697** (1.208)

Notes. This table reports differential effects of the treatment versus control groups before and after the treatment as well as their difference. The
before treatment results show there are no significant differences between the treatment and control groups. DID, difference-in-difference.

**p < 0.05; *p < 0.10.
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conclude that consumers will be more active in re-
deeming a coupon if the discount is provided by the
marketer directly through a private channel.

The comparative advantage of social discount over
firm discount can be further explained by its higher
credibility. Firm-offered discounts are a marketing
instrument, whereas social discounts are generated
through consumer social interaction. Social interac-
tion has shown better effectiveness than marketing
because of higher credibility (Trusov et al. 2009,
Mudambi and Schuff 2010). To support the credibili-
ty argument, we conduct a survey asking partici-
pants’ perceived credibility toward the discount they
receive in the treatment condition or the firm dis-
count control. The survey is on a seven-point scale
(1 � “least credible” and 7 � “most credible”) among
50 randomly selected participants from each condi-
tion. The survey result shows that participants per-
ceive social discounts as more credible than firm
discounts (6.11 versus 3.05; p < 0.01).

It is worthwhile to point out that we do not sepa-
rately analyze the purchases by social bargainers and
focal buyers. This is because each consumer in the
community could be a focal buyer (who invites social
bargaining) as well as a bargainer (who makes social
bargaining) at the same time, so it is impossible to sep-
arate the influence of social bargaining on bargainers
and on focal buyers. Instead, we focus on how social
bargaining stimulates purchases of consumers who
take these two roles simultaneously.

4.2.2. The Underlying Mechanisms. The main effect of
social pricing is generated through consumer social
interactions, which consequently cause social influ-
ence. However, directly testing the mechanisms of the
main effect by constructing a mediator (as in a labora-
tory experiment) is impracticable in a field experiment
because stringent mediating conditions can hardly be
satisfied. Thus, we have followed Simester (2017) to
employ both interactions and surveys in order to test
the mechanisms of social pricing.

We argue that perceived engagement mainly ex-
plains the effect of social bargaining on bargainers,
and social cost accounts for the effect of social bar-
gaining on focal buyers.9 To test the mechanism of so-
cial bargaining in increasing purchasing frequency,
we estimate the moderating effect of perceived
engagement. When recruiting participants, we use a
survey to measure the level of engagement of each
participant. Specifically, each participant is asked to
answer the following question: “Suppose you find a
coupon that is strongly desired by your friend. Your
friend places an order immediately using your cou-
pon. You feel engaged in this purchase by your friend
(1� mostly disagree; 7� mostly agree).” Based on the
survey results, we classify participants into high ver-
sus low engagement groups.10 The experimental
groups of high and low engagement have average
scores of 6.18 and 3.95, respectively. Table 3 shows
how the two moderators influence the treatment
effects relative to the regular pricing control.11 We

Table 3. The Mechanisms for the Effects of Social Pricing

Panel A: The moderating effect of perceived engagement

Purchasing frequency Treatment effect
(high engagement)

Treatment effect
(low engagement)

High–low

Before treatment −0.009 (0.007) −0.007 (0.006) −0.002 (0.008)
After treatment 0.169** (0.015) 0.108** (0.009) 0.061** (0.020)
DID (after–before) 0.178** (0.018) 0.115** (0.012) 0.063** (0.023)

Order value Treatment effect
(high engagement)

Treatment effect
(low engagement)

High–low

Before treatment 1.612 (1.105) 1.287 (1.093) 0.325 (1.129)
After treatment 11.918** (1.640) 8.370** (1.306) 3.548* (1.893)
DID (after–before) 10.306** (1.891) 7.083** (1.655) 3.223* (1.927)

Panel B: The moderating effect of social cost

Order value Treatment effect
(large social cost)

Treatment effect
(small social cost)

Large–small

Before treatment −1.465 (1.278) −1.517 (1.171) 0.052 (1.510)
After treatment 15.591** (2.037) 7.010** (1.205) 8.581** (2.408)
DID (after–before) 17.056** (2.590) 8.527** (1.793) 8.529** (2.917)

Purchasing frequency Treatment effect
(large social cost)

Treatment effect
(small social cost)

Large–small

Before treatment 0.006 (0.003) 0.009 (0.005) −0.003 (0.006)
After treatment 0.167** (0.016) 0.139** (0.012) 0.028 (0.019)
DID (after–before) 0.161** (0.017) 0.130** (0.014) 0.031 (0.022)

Notes. The treatment effect is relative to the control of regular pricing. DID, difference-in-difference.
**p < 0.05; *p < 0.10.
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find that the treatment effect on purchasing frequency
in the high engagement group is greater than that in
the low engagement group (0.169 versus 0.108; p
< 0.05). Interestingly, in the high engagement group,
the treatment effect on order value per purchase is
only marginally higher (11.918 versus 8.370; p < 0.10).
These empirical results together provide strong
evidence that perceived engagement is the main
mechanism for bargainers to increase purchasing fre-
quency. We have also conducted regression analysis
to include other potential determinants as control var-
iables that may influence users’ purchasing behaviors.
As shown in Online Appendix J, the results remain
consistent.

Next, we verify the mechanism of social cost in lifting
order value. We also use a survey to measure the per-
ceived social cost of each participant before the experi-
ment. We refer to the survey questions of Brumbaugh
and Rosa (2009) in a similar setting of coupon redemp-
tion, as shown in Online Appendix E. Using the survey
results, we classify participants into high versus low so-
cial cost groups, for which the cutoff value is chosen in
the same manner as perceived engagement. The experi-
mental groups of high and low social cost have average
scores of 5.89 and 3.17, respectively. Table 3 shows that
the treatment effect on order value in the sample of
high social cost is significantly larger than that in the
sample of low social cost (15.591 versus 7.010; p < 0.05).
Interestingly, the treatment effect on purchasing fre-
quency is comparable (0.167 versus 0.139; p > 0.10)).
The above empirical evidence verifies that the social
cost of pursuing social discounts is the main mecha-
nism for consumers to increase order value.

Alternatively, we also report results of an analysis of
covariance (ANCOVA) that tests the moderating effects
of engagement and social cost. Because the two moder-
ators are numeric variables from a survey, we can in-
clude them as moderating variables in the ANCOVA
model, in which social bargaining (adoption or not) is a
dummy factor, whereas perceived engagement and so-
cial cost are continuous factors. The analysis captures
the main effect of social bargaining (F(1, 396) � 107.65,
p < 0.0001) as well as its interaction effect with per-
ceived engagement (F(1, 396) � 9.33, p < 0.01) and with
social cost (F(1, 396) � 10.19, p < 0.01). The results of
ANCOVA tests consistently support our findings.

In sum, perceived engagement and social cost are
the underlying mechanisms of social pricing, which
not only help to increase purchasing frequency but
also induce higher order value per purchase. This is in
sharp contrast to the mechanisms of other pricing
strategies in Section 2.2 that also involve consumer so-
cial interactions. Specifically, social priming based on
homophily among consumer social networks is the
underlying mechanism for sharable coupons (Iyengar
and Park 2016). Observational learning is the main

mechanism for the effectiveness of social coupon (e.g.,
Luo et al. 2014, Subramanian and Rao 2016). Group
buying heavily relies on the sales agent mechanism, in
which better informed consumers voluntarily act as
sales agents to persuade purchases by less-informed
consumers (Jing and Xie 2011).

4.2.3. The Motivation of Consumer Social Interaction.
Next, our experiment examines the pattern of con-
sumer social interactions in social bargaining. In our
study, the most relevant motivations of social interac-
tion are reciprocity versus altruism.12 Depending on
whether peers’ favors in social bargaining are re-
turned or not, the motivations of social interactions
can be clarified as reciprocity or altruism. We find that
reciprocity is the major motivation, supported by the
following evidence. First, we send a survey to 100 ran-
domly selected consumers asking their motivation
behind bargaining for peers. The survey offers three
options: altruism, reciprocity, and others. The survey
results show that 87 consumers choose reciprocity,
indicating that people in social bargaining follow
a social norm in which “individuals attempt to main-
tain equity between the benefits they receive and
those they bestow” (Shen et al. 2011, p. 273).

Second, we observe back-and-forth bargaining
requests between focal buyers and their bargainers. We
randomly draw 100 pairs of consumers (a focal buyer
and a social bargainer) involved in a bargaining activi-
ty for a total of five times and find that an average of
92.4 of them bargain for each other during the experi-
ment period.13 This evidence supports the motivation
of reciprocity. We further argue that in social bargain-
ing, reciprocity is based on similarity in purchasing
frequency. Thus, we observe the gap of purchasing fre-
quency between focal buyers and their bargainers. For
84% of bargaining activities, the gap in purchasing fre-
quency is within one standard deviation. Supported by
the above evidence, we conclude that reciprocity leads
to homogeneity in consumer social interactions, under
which consumers with similar purchasing frequency
cluster and bargain for each other.

Third, we further rule out other possible reasons for
the bargaining relationship, including making new
friends, novelty effect, and social image. We also con-
duct a network-based analysis by calculating the local
clustering coefficient (Watts and Strogatz 1998) to con-
firm the reciprocity motivation. Details are moved to
Online Appendix I for brevity.

4.3. Robustness Checks
In this section, we first show that our results are ro-
bust to the alternative setup of online communities. In
Experiment 1, we let the retailer form the online com-
munity; however, it is also popular for consumers to
establish online communities themselves without the
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help of online retailers. Here, we show that such an al-
ternative setting will not alter our results. Further, our
estimated positive treatment effects of social pricing
may be caused by other possible reasons. Thus, in this
part of the robustness checks, we discuss how to rule
out those possible alternative explanations.

4.3.1. Alternative Setting. The literature has shown
that firm-sponsored communities are widely popular
among online retailers (e.g., Porter and Donthu 2008,
Thompson et al. 2016). As a result, in Experiment 1,
each member in the community was randomly as-
signed by the retailer. Thus, we assume no established
social relationship among consumers within the com-
munity. Even if this assumption is violated to some
extent, the random assignment can ensure the treat-
ment and control communities are homogenous in
this aspect. Accordingly, we avoid the manipulation
of consumer-formed communities or social networks.

However, we acknowledge that some online retailers
adopt alternative methods to form communities. In this
subsection, we test whether our findings hold if we
add the element of a personal social network, which is
still based on a firm-sponsored consumer community
but has the characteristic of a personal social network.
First, we randomly select an initial community of 100
consumers. Then, each initial member is allowed to in-
vite one peer into the community. We test two ways of
incorporating personal social networks: (1) the inviting
consumers know the purpose of the community in our
experiment (e.g., social pricing) and their invitation de-
cisions are strategically dependent on that purpose,
which causes selection bias; (2) the inviting consumers
are not aware of the purpose and their invitation deci-
sions would not be subject to selection bias, which is
helpful for ensuring internal validity. We test different
ways to form consumer communities in order to bal-
ance both internal validity and external validity. If we
set the community’s purpose as known, it is good for
external validity but will cause selection bias and thus
hurt internal validity. If we set the community’s pur-
pose as unknown, it is good for internal validity but
will cause imperfection for external validity.

Experiment results are reported in Table 4.14 Regardless
of how consumer communities are constructed, the
adoption of social bargaining consistently enhances
the retailer’s performance (both sales and profits)
and boosts purchasing behaviors (purchasing fre-
quency and order value). The comparison shows
that both new versions of communities are still effec-
tive, where the social interactions still follow the
pattern of reciprocity. Thus, as long as social interac-
tions within the community are motivated by reci-
procity, both types of communities will generate
comparable social pricing effects.

4.3.2. Alternative Explanations. We further exclude
several alternative explanations of the effectiveness of
social pricing.

1. Gift effect: Both roles of a user may regard social
bargaining as a gift. Following Bapna et al. (2016), we
observe that the treatment effects persist in the last
week of the treatment month and disappear immedi-
ately in the first week posttreatment when social bar-
gaining is no longer offered, as shown in Table A.4 (a)
in Online Appendix F. Thus, the gift effect cannot ex-
plain our findings.

2. Novelty effect: Both bargainers and purchasers
may perceive social bargaining as a novel strategy.
Manchanda et al. (2015, p. 368) describe the novelty effect
as “a short-term effect driven by the novelty of the event.”
If novelty were the major explanation, the treatment ef-
fects would not last long. When we extend the experi-
ment period from amonth to threemonths, the treatment
effects are similar, as shown in Table A.4 (b) in Online
Appendix F. Considering fresh food is purchased and
consumed frequently (up to daily level), we expect that
the novelty is exhaustedwithin threemonths’ exposure.

3. Conformity by following others: Conformity can
be one of the major mechanisms of social influence
(Iyengar et al. 2015, Sun et al. 2019). Bargainers may
possess the motivation of conformity by following focal
purchasers who invite social bargaining. However, this
argument is not supported by empirical results. If con-
formity is the main mechanism of peer influence under
social bargaining, we should observe tendency to the
mean: Frequent consumers decrease purchasing fre-
quency, whereas infrequent consumers increase it. We
do not observe this pattern in Table 2. Thus, conformity
cannot explain our results.

4. Observational learning: Bargainers may learn new
products from others’ purchases. If observational learn-
ing is the major motivation, the additional purchases
by bargainers should be used to buy items in focal pur-
chasers’ orders. However, we observe that the addi-
tional orders of bargainers are mainly used to repeat
purchase: only 17% contains new items ordered by the
focal purchasers. This empirical evidence helps us ex-
clude the mechanism of observational learning.

5. Perceived control: Literature on participative pric-
ing (e.g., Kim et al. 2009, Barone et al. 2017) suggests
purchasers may increase order value for the sake of per-
ceived control. Through participating into the pricing de-
cisions (i.e., inviting peers to bargain), consumers gain
some control over determining final prices for their
purchases. Our experiment has explicitly tested this
mechanism by constructing the moderator of perceived
control of final prices. As seen in Table A.4 (c) in Online
Appendix F, we adapt the survey for measuring
perceived control following Hui and Bateson (1991):
“If I could impose influence on final price paid for
my purchases, I felt in control/dominant/decisive”
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(1 � strongly disagree and 7 � strongly agree). Accord-
ing to the sample median of the survey results, we clas-
sify users into two segments of high versus low per-
ceived control (the average score is 5.23 versus 2.78).
We find the treatment effects on purchasing frequency
and order value are comparable between these two
segments.

6. Discount effect: Purchasers may perceive social
bargaining attractive simply because it can generate
discounts for their purchases. Our experiment con-
structs control conditions of different discount levels
that generate comparable discounts offered by the
firm. The empirical results show superiority of the
treatment group against the firm discount control
and thus exclude the alternative explanation of dis-
count effect.

In addition, following the suggestion of Hartmann
et al. (2008), our study adopts a difference-in-differ-
ences (DID) analysis. In this way, the empirical analy-
sis controls for common unobservables in different
experimental conditions. In particular, our study con-
trols for marketing efforts as suggested by prior stud-
ies (Iyengar et al. 2011a, Kumar and Tan 2015). During
the experiment period, the retailer runs no advertising
campaigns or sales promotions.

5. Experiment 2
Experiment 1 shows that social bargaining can posi-
tively influence purchasing behaviors (purchasing fre-
quency and order value) and consequently improve
retailer performance (sales and profits). These positive

Table 4. Robustness Check

Panel A: The purpose of each community is known to users

The retailer’s performance

Sales Social pricing–regular pricing Social pricing–retailer discount (10%) Social pricing–retailer discount (15%)

Before treatment 2.78% −1.37% 4.34%
After treatment 86.33% 50.33% 39.74%

Profit Social pricing–regular pricing Social pricing–retailer discount (10%) Social pricing–retailer discount (15%)

Before treatment 1.30% −0.84% 2.18%
After treatment 30.57% 43.61% 46.65%

Purchasing behaviors

Purchasing frequency Social pricing–regular pricing Social pricing–retailer discount (10%) Social pricing–retailer discount (15%)

Before treatment 0.005 (0.011) −0.007 (0.011) 0.008 (0.007)
After treatment 0.171** (0.016) 0.117** (0.012) 0.103** (0.008)
DID (after–before) 0.166** (0.021) 0.124** (0.015) 0.095** (0.010)

Order value Social pricing–regular pricing Social pricing–retailer discount (10%) Social pricing–retailer discount (15%)

Before treatment 0.822 (0.875) 1.021 (1.175) 1.052 (0.971)
After treatment 10.856** (1.424) 8.873** (1.207) 7.819** (1.037)
DID (after–before) 10.034** (1.617) 7.852** (1.683) 6.767** (1.245)

Panel B: The purpose of each community is not known to users

The retailer’s performance

Sales Social Pricing–Regular Pricing Social Pricing–Retailer Discount (10%) Social Pricing–Retailer Discount (15%)
Before treatment −1.36% −3.13% −0.65%
After treatment 78.46% 45.66% 36.97%

Profit Social Pricing–Regular Pricing Social Pricing–Retailer Discount (10%) Social Pricing–Retailer Discount (15%)

Before treatment −0.71% −1.19% −1.15%
After treatment 26.03% 38.35% 39.18%

Purchasing behaviors

Purchasing frequency Social pricing–regular pricing Social pricing–retailer discount (10%) Social pricing–retailer discount (15%)

Before treatment 0.010 (0.012) −0.005 (0.009) −0.009 (0.010)
After treatment 0.139** (0.015) 0.108** (0.011) 0.086** (0.012)
DID (after–before) 0.129** (0.021) 0.113** (0.015) 0.095** (0.017)

Order value Social pricing–regular pricing Social pricing–retailer discount (10%) Social pricing–retailer discount (15%)

Before treatment −1.270 (1.219) −1.653 (1.550) 0.920 (0.965)
After treatment 9.891** (1.237) 7.565** (1.109) 7.123** (0.987)
DID (after–before) 11.161** (1.653) 9.218** (1.835) 6.203** (1.256)

Note. DID, difference-in-difference.
**p < 0.05; *p < 0.10.
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influences are largely generated through consumer so-
cial interactions in the process of social bargaining. In
Experiment 1, we find that users with similar purchas-
ing frequency bargain for each other. In Experiment 2,
we require focal buyers invite bargainers with differ-
ent purchasing frequency.

5.1. Motivation
Although the social pricing strategy achieves impres-
sive performance in Experiment 1, we are not sure if
such homogeneity-driven social interactions are opti-
mal in influencing peer purchases. In our context of re-
peated purchase, homogeneity (the clustering of con-
sumers with similar purchasing frequency) may not be
healthy in promoting repeat purchases. For frequent
consumers, their potential for more active purchasing
behaviors is limited. For infrequent consumers, they
lack a role model as the source of positive influence.
To resolve this dilemma, Experiment 2 designs the
rule based on difference in purchasing frequency. Spe-
cifically, we require that focal buyers can only invite
peers with higher purchasing frequency by one stan-
dard deviation as their social bargainers. Later, we dis-
cuss why one standard deviation is appropriate for the
heterogeneity rule. Thus, focal buyers and social bar-
gainers are heterogenous in their purchasing frequency.
The retailer claims that consumers of higher purchas-
ing frequency are VIPs and thus are given the privilege
of bargaining for lower-frequency peers. During the
experiment, purchasing frequency (based on the previ-
ous seven days) is updated dynamically. Thus, the het-
erogeneity rule is enforced in a dynamic manner. The
other settings are identical to Experiment 1.

Under this heterogeneity rule, for each pair of
consumers involved in a bargaining transaction (a focal
buyer and a social bargainer), the former can send the
bargaining request to the latter but not vice versa.
The latter must seek peers with even higher purchasing
frequency as potential bargainers. We argue that
consumers perceive indirect reciprocity in heterogeneity-
based social bargaining because their favor of bargaining
for peers of lower purchasing frequency would be re-
turned by peers of higher purchasing frequency.

Nowak and Sigmund (2005, p. 1291) define indirect
reciprocity as the notion that “I help you and some-
body else helps me.” Consider consumers A, B, and C
in ascending order of purchasing frequency (by at
least one standard deviation); in indirect reciprocity, B
bargains for A and C bargains for B. Nowak and
Sigmund (2005) claim that those who violate indirect
reciprocity (B enjoys social bargaining by C but is not
willing to bargain for A) will suffer from reputation
loss. To verify indirect reciprocity under our heteroge-
neity rule, we interview 10 random consumers asking
why they are willing to bargain for others without
receiving a return directly. Seven consumers claim

explicitly that they bargain for lower-frequency peers
because they expect to receive similar help from
higher-frequency peers.

Two important points merit additional discussion.
First, to develop indirect reciprocity, consumers of top
purchasing frequency should be willing to buy without
a social discount and bargain for peers without any
return, directly or indirectly. This condition can be satis-
fied without firm interference, as top consumers are
usually advocates of the product. In this case, they hold
strong beliefs that people should eat healthier food
(e.g., fresh food or organic food) rather than frozen food
or fast food. Alternatively, retailers may use various in-
centives, such as targeted discounts or certificates of
community status, to encourage top consumers to help
others. Second, we argue that consumers tend to invite
bargainers who are close in purchasing frequency for
the sake of social cost. If bottom-frequency consumers
invite top-frequency peers to bargain, the consumers’
benefit from social bargaining could hardly match the
effort of the bargainers who are VIPs with top status.
Accordingly, social cost of focal consumers and social
bargainers by association would be high. Moreover,
consumers may have difficulty finding bargainers who
differ dramatically in purchasing behaviors.

Under the heterogeneity rule, consumers feel superior
about being qualified as social bargainers but feel inferior
otherwise. In each act of social bargaining, upward and
downward comparisons occur between focal consumers
and their bargainers. Inferiors (i.e., the focal consumers)
who make upward comparisons with superiors (i.e., so-
cial bargainers) tend to enhance themselves if the superi-
ors’ success is attainable (Lockwood and Kunda 1997,
1999). Superiors (i.e., social bargainers) who conduct
downward comparisons with inferiors (i.e., the focal con-
sumers) would actively boost themselves to avoid the
negative experience of the inferiors (Lockwood 2002).
We deliberately choose one standard deviation as the
gap of purchasing frequency, so that the inferiors feel
encouraged in making upward comparisons and the
superiors feel alarmed when conducting downward
comparisons (Dreze and Nunes 2009). Both types of so-
cial comparisons lead to positive peer influence.

5.2. Results
Table 5 reports summary statistics and correlation
coefficients of purchasing behaviors in the treatment
group. An average consumer subject to the new treat-
ment has 5.65 social bargainers for each purchase,
enjoying a social discount of 17.08%. The consumer
purchases at a frequency of 0.58 per day on average,
each time ordering an average of 60.73 RMB worth of
fresh food.

As expected, we observe no correlation between a con-
sumer’s purchasing frequency and the number of social
bargainers (ρ � 0:09; p > 0:10). This result suggests that

Gao et al.: Randomized Field Experiments on Social Pricing
948 Information Systems Research, 2022, vol. 33, no. 3, pp. 935–953, © 2022 INFORMS

D
ow

nl
oa

de
d 

fr
om

 in
fo

rm
s.

or
g 

by
 [

73
.2

06
.1

93
.4

8]
 o

n 
23

 J
an

ua
ry

 2
02

3,
 a

t 1
2:

02
 . 

Fo
r 

pe
rs

on
al

 u
se

 o
nl

y,
 a

ll 
ri

gh
ts

 r
es

er
ve

d.
 



consumers in different segments of purchasing frequen-
cy have similar difficulty in finding social bargainers.
The treatment effects on retailer performance and pur-
chasing behaviors are reported in Table 6. Consistently,
the adoption of social bargaining increases sales by
109.39% and profits by 40.18% relative to regular pricing.
Compared with firm discounts at 15% (resp. 20%) (the
average social discount 17.08% is in between), social pric-
ing increases sales by 62.98% (resp. 46.87%) and profits
by 57.24% (resp. 61.32%). Thus, social bargaining in
Experiment 2 leads to a larger growth of sales and
profits.

Next, social bargaining increases purchasing fre-
quency by 0.22 per day relative to regular pricing
and by 0.16 (resp. 0.12) relative to firm discounts at
15% (resp. 20%). It also increases order value by
15.27 RMB relative to regular pricing and by 10.48
(resp. 8.60) relative to firm discounts at 15% (resp.
20%). Again, social bargaining in Experiment 2 can
better enhance purchasing frequency and order val-
ue. Because the two experiments differ only in the
rules of social bargaining, we conclude that social in-
teractions among consumers with different (versus
similar) purchasing behaviors can be superior in
promoting repeat purchases.

In Experiment 2, two conditions are critical for so-
cial bargaining to achieve desired performance. First,
we argue that a close gap in purchasing frequency
(one standard deviation) motivates positive peer in-
fluence in both upward and downward comparisons.
To verify the importance of the appropriate gap in
purchasing frequency, we also test a gap of two or
three standard deviations. We find increasing the gap
of purchasing frequency weakens the treatment ef-
fects.15 In one aspect, a large gap weakens the effects
of upward and downward comparisons. In another
aspect, an excessive gap imposes difficulties for con-
sumers to find bargainers. We deliberately choose one
standard deviation to develop the heterogeneity rule.
Further, our arguments about the positive peer influ-
ence in upward and downward comparisons are
based on one important assumption: Consumers tend
to invite bargainers who are close in purchasing fre-
quency. The experiment result verifies this assump-
tion: Over the one-month experiment period, the
majority of social bargainers are just above one SD in
purchasing frequency (63% are within 1.0–1.5 SDs;
29% within 1.5–2.0 SDs; only 8% beyond 2.0 SDs).

Second, we observe the pattern of indirect reciproc-
ity among consumers in vertical tiers of purchasing

Table 5. Purchasing Behaviors in the Treatment Group (Experiment 2)

Summary statistics Correlation

Mean Standard deviation 1 2 3 4

1. Average social discount (%) 17.08 13.60 1.00
2. Number of social bargainers 5.65 4.84 0.93** 1.00
3. Purchasing frequency 0.58 0.36 0.11 0.09 1.00
4. Order value 60.73 38.44 0.28** 0.21** 0.08 1.00

**p < 0.05; *p < 0.10.

Table 6. Effects of Social Pricing in Experiment 2

The retailer’s performance

Sales Social pricing–regular pricing Social pricing–retailer discount (15%) Social pricing–retailer discount (20%)

Before treatment 4.07% −8.23% −1.46%
After treatment 109.39% 62.98% 46.87%

Profit Social pricing–regular pricing Social pricing–retailer discount (15%) Social pricing–retailer discount (20%)

Before treatment 2.27% −4.19% −1.07%
After treatment 40.18% 57.24% 61.32%

Purchasing behaviors

Purchasing frequency Social pricing–regular pricing Social pricing–retailer discount (15%) Social pricing–retailer discount (20%)

Before treatment 0.011 (0.015) −0.007 (0.007) 0.006 (0.008)
After treatment 0.217** (0.018) 0.158** (0.019) 0.125** (0.012)
DID (after–before) 0.206** (0.023) 0.165** (0.021) 0.119** (0.014)

Order value Social pricing–regular pricing Social pricing–retailer discount (15%) Social pricing–retailer discount (20%)

Before treatment 0.553 (1.069) −1.610 (1.507) −1.811 (1.250)
After treatment 15.273** (2.017) 10.483** (1.465) 8.598** (1.279)
DID (after–before) 14.720** (2.457) 12.093** (1.872) 10.409** (1.521)

Notes. This table reports differential effects of the treatment versus control groups before and after the treatment as well as their difference. The
before treatment results show there are no significant differences between the treatment and control groups.

**p < 0.05; *p < 0.10.
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frequency. A necessary condition to form this pattern
of social bargaining is that consumers of top purchas-
ing frequency voluntarily bargain for others out of al-
truism, and our results confirm this. Furthermore,
such consumers still purchase actively even though
they cannot enjoy social discounts; for example, top
consumers are more interested in advocating the phi-
losophy of healthy food. Consumers of other
e-commerce businesses (not limited to organic prod-
ucts or ecological products) may have similar belief to
promote the products that they consume frequently.
Firms can encourage top-frequency purchasers to bar-
gain for peers. For example, firms may reward active
purchasers an honor badge or VIP status as virtual
recognition. Firms may also consider monetary incen-
tives, such as firm-initiated discounts or VIP coupons,
to encourage top-frequency purchasers to bargain for
peers in order to generate heterogeneity-based social
pricing effect.

So far, we have focused on one direction of hetero-
geneity, that is, social bargainers must have higher
purchasing frequency than focal buyers. It is natural
to ask whether the reverse is true, that focal buyers
must have higher purchasing frequency. We report
relevant experimental results in Online Appendix H.
Interestingly, under the reverse heterogeneity rule,
the advantages of social bargaining remain. In either
direction of heterogeneity, the social interactions driv-
en by social bargaining generate two forms of social
comparisons: upward and downward comparisons.
We have argued that either form of social comparison
causes positive peer influence.

6. Discussion and Conclusion
Social pricing has been widely popular among online
retailers, but its value and mechanism remain unclear
because of a lack of rigorous research. In this study,
we designed and conducted randomized field experi-
ments to fill this important gap. Specifically, our study
focuses on social bargaining, a popular strategy of so-
cial pricing implementation in which consumers can
invite peers to bargain for their purchase. Our analysis
reveals that compared with conventional nonsocial
pricing strategies (regular pricing and firm-initiated
discounts), social pricing significantly stimulates pur-
chases and considerably improves profitability.

From a theoretical perspective, our research docu-
ments a new way of implementing price discrimina-
tion. That is, firms can charge different prices to
consumers based on their different social capital. The
novelty of our research is that traditional price dis-
crimination is typically based on a consumer’s
individual value, whereas social pricing hinges on a
consumer’s social value. From a practical perspective,
within the background of social commerce in

particular, our research not only draws attention to
online retailers’ need to integrate pricing decisions
with consumers’ social capital but also provides man-
agerial insights regarding how to better design their
social pricing strategies.

6.1. Managerial Implications
Our findings offer valuable insights to the practice of
social commerce. In order to successfully launch social
pricing, we provide suggestions in four areas that re-
tailers can actively control: (1) how to target consum-
ers, (2) how to choose products, (3) how to establish
social networking platforms, and (4) how to design
consumer social interactions in social commerce.

To begin with, what types of consumers are attracted
by social pricing? The social pricing framework can be
generalized to any implementation that offers different
prices to consumers with different social value. Our re-
search chooses social bargaining as the specific imple-
mentation of social pricing. The specific findings under
social bargaining (including the main effects and the
underlying mechanisms) can also be generalized as
long as the following conditions about consumer char-
acteristics are satisfied: (1) users have the intention to
pursue lower prices; (2) social interactions between
users are mainly driven by reciprocity; (3) engagement
into peers’ purchases will enhance focal users’ intention
to purchase; (4) a focal user’s public pursuit of saving
will generate social cost of being perceived as social
stigma. Our findings also apply generally to consumers
of different demographics (including gender, age, occu-
pation, and income).

Second, what types of products are suitable for so-
cial pricing? We expect that social pricing would be
appealing to retailers in various categories and can
achieve better effectiveness in product categories with
higher purchasing frequency, for example, nondura-
ble goods or frequently used service products. High
purchasing frequency results in frequent social inter-
actions, which in turn leads to a large peer influence
of social pricing. Thus, we acknowledge that the
effects of social pricing may be more salient in our
product category with higher purchasing frequency.
However, consumers of fresh food are very compre-
hensive in demographics and thus can well represent
the population of consumers, whose social interac-
tions are expected to be representative.

Third, how should retailers establish the social net-
working platform to facilitate social pricing? In the
main experiment, we test whether the treatment
effects are robust to how the platform (an online con-
sumer community) is formed. We find that the posi-
tive effects hold consistently regardless of whether the
consumer community is specified by the retailer
directly or is formed by consumers independently.
Thus, we suggest that retailers should allow flexibility
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in forming platforms for social pricing. It is worth not-
ing that the pattern of consumer social interactions is
determined by consumers’ motivations in social pric-
ing. Consumers are willing to use social resources in
exchange for attractive price discounts. In addition,
consumers are reciprocal in requesting and returning
the favor of social pricing. As long as these motiva-
tions remain, the effects of social pricing should be
consistent regardless of how the social networking
platform is formed.

Fourth, how should firms design consumer social
interaction under social pricing? In our research set-
ting, consumers are required to initiate social interac-
tions in exchange for a cheaper price. By designing
different rules of social pricing, retailers can guide so-
cial interactions toward a desired pattern. In Experi-
ment 2, we require that social bargainers have higher
purchasing frequency than focal consumers who initi-
ate social pricing. Consequently, we observe that
consumers actively interact with peers with higher
purchasing frequency to pursue social discounts. Our
experiments indicate that social interactions among
consumers who are heterogeneous (versus homoge-
nous) in purchasing behaviors can better promote
repeat purchases. Thus, retailers can design rules of
social pricing to determine the pattern of social inter-
actions, which in turn determines the effectiveness of
social pricing. We suggest that retailers targeting a
commercial goal should design relevant rules of social
pricing to guide consumer social interaction toward
that goal. For example, to encourage cross-buying, re-
tailers may require consumers to choose peers who
mainly purchase in another category as bargainers.

6.2. Future Research
Our exploratory study of social pricing provides sev-
eral promising avenues for future research. To begin
with, the current study focuses on how social pricing
stimulates purchases of existing consumers. We do not
consider new consumers to secure unbiased estimates
of the causal effects and thus forfeit the potential of re-
ferring prospective consumers. Future research can
study the impact of social pricing on new customer ac-
quisition. Second, we conduct our field experiments
in firm-initiated communities to ensure rigorous
between-group comparisons. However, using person-
al social networks is also popular and convenient to
implement. The key component is that the consumers’
purpose of social interactions is to gain social dis-
counts rather than to develop friendship. When pur-
chasers can gain the same benefit (a social discount)
by socializing with either strangers or friends, getting
help from friends may be easier (positive effect); but it
also generates more social cost if the bargaining re-
quests are between friends (negative effect). We leave

the investigation into personal networks to future re-
search, that is, whether and when the overall effect is
positive. Third, this study focuses on the purchasing
frequency aspect when considering the heterogeneity
rule. Future research can include customer demo-
graphics, purchasing categories, or consumers’ priva-
cy preferences (e.g., Acquisti et al. 2015) to further
understand the heterogeneity design of social pricing.
Next, this research compares aggregate-level firm per-
formance due to the retailer’s data management poli-
cy. The availability of individual-level profit data may
lead to interesting new results in future research.
Finally, our research setting refrains the total social
discount to be capped at 30%. Future research can
explore a more aggressive setting of no discount cap,
and consumers with a strong network can generate
very high total discount or even get the product for
free. Overall, the current study presents the first step
toward understanding the value and mechanisms of
social pricing.
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Endnotes
1 See https://m.banggood.com/slash.html; https://pages.lazada.sg/
wow/i/sg/SGCampaign/how-to-slash-it; https://www.bigtricks.
in/club-factory-slash-the-price/ (accessed on November 8, 2021).
2 See http://www.quanmama.com/quan/2490048.html; https://
post.smzdm.com/p/aqnd94vp (accessed on November 8, 2021).
3 The name of the company has been concealed because of the non-
disclosure agreement.
4 Identifying social influence through observational data has been
challenging. Prior studies (e.g., Godes and Mayzlin 2004, Iyengar
et al. 2011b, Bapna and Umyarov 2015) advocate that a more appro-
priate way to identify the causal effects of social influence is to
conduct randomized field experiments, where the treatment and
control groups differ only in the relevant social variable. Then the
resulted difference can be attributed to social influence, preventing
or minimizing potential biases caused by self-selection, homophily,
and unobserved heterogeneity.
5 It is worthwhile to note that forming firm-initiated communities
of strangers is a prevalent practice and is attractive to consumers in
the social commerce market where the experiments were con-
ducted. Consistently, we observe that all groups of randomly select-
ed consumers are eager to join the communities for the discount
opportunities or information sharing.
6 We would like to point out that firm’s sales to individual consum-
ers are equivalent to individual consumers’ purchases from the
firm. Thus, individual level purchasing behaviors can represent the
firm’s sales performance.
7 For all the tables in this study, the numbers in parentheses refer to
standard errors.
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8 We also report the comparison results of the other firm-discount
control groups (5%, 20%, and 25%) in Online Appendix C. The
results show that the benefits of social bargaining are consistent.
9 Detailed discussion and empirical results are shown in Online
Appendix L.
10 The cutoff value for high or low levels of engagement and social
cost is set above or below the median of the randomly selected sam-
ple of consumers.
11 Table 3 demonstrates the moderating effects relative to regular
pricing. Online Appendix D shows that the moderating effects are
robust under the firm discount control groups (10% and 15%) as
well.
12 It is also worth noting the simultaneous roles of a user (i.e., a pur-
chaser and a bargainer) in social pricing contribute to the reciprocity
pattern of social interactions, creating impressive social influence as
shown in our study. If we allow a user to be either a pure bargainer
or a pure purchaser, consumer interactions will become purely al-
truistic rather than reciprocal. Such social interactions (pure help
without any return) could not sustain in the long term, which might
be the reason such practice (pure bargainers and pure purchasers)
cannot be found in the marketplace. We show a possible theoretical
and empirical decomposition in Online Appendix K.
13 In the five random draws, 88, 91, 93, 94, and 96 pairs bargained
for each other respectively, with an average of 92.4.
14 In both scenarios, the average social discount generated in the
treatment conditions is about 12%. Thus, we present the results
when the firm offers the discount at 10% and 15%. Our results are
also robust to other firm discount levels, but the details are omitted
for brevity.
15 Results of robustness checks under the heterogeneity rule are
available in Online Appendix G.
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